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Objective(s): This paper investigates the validity of Artificial Neural Networks 
(ANN) model in the prediction of electrospun kefiran nanofibers diameter 
using 4 effective parameters involved in electrospinning process. Polymer 
concentration, applied voltage, flow rate and nozzle to collector distance 
were used as variable parameters to design various sets of electrospinning 
experiments for production of electrospun kefiran nanofibers.

Methods: The Scanning Electron Microscopy (SEM) was used to investigate the 
morphology and evaluate the size of the nanofiber. Data set was drawn using 
k fold cross-validation method, which was the most suitable scheme for the 
volume of the data in this work. Data were partitioned into the five series and 
trained and tested via ANN method.

Results:The Scanning Electron Microscopy (SEM) images of the generated 
nanofiber samples were confirmed that all of the samples were fine and defect-
free. Our results indicated that the network including four input variables, 
three hidden layers with 10, 18 and 9 nodes in each layer, respectively, and 
one output layer obtained the highest efficiency in the testing set. The mean 
squared error (MSE) and linear regression (R) between observed and predicted 
nanofibers diameter were 0.0452 and 0.950, respectively. 

Conclusions: The results demonstrated that the proposed neural network was 
appropriately performed in assessing the input parameters and prediction of 
nanofibers diameter.
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INTRODUCTION
Nanofibers, as one of the one-dimensional 

nanostructures, have attracted much attentions 
due to their unique characteristics and fascinating 
potential applications in many fields [1]. Several 
methods exist for fabrication of nanofibers 
including drawing [2], template synthesis [3], phase 
separation[4], self-assembly [5] and electrospinning 
[6]. Among these methods, electrospinning seems 
to be the most common method due to its simplicity, 

cost-effectiveness and controllability over 
nanofibers size and morphology [7, 8]. Moreover, 
electrospun nanofibers have several properties like 
a high surface to volume ratio, tunable porosity 
and ease of functionalization which give them a 
wide range of applications [9-11] including: 1) 
healthcare applications, such as scaffold in tissue 
engineering [12], wound healing bandages [13] 
and drug carrier [14, 15] with controlled release, 2) 
in biotechnology and environmental engineering 
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as separation membrane [16] 3) in defense and 
security applications as protective garment [9] and 
4) in energy generation used in polymeric batteries 
[17]. 
For improving the efficacy of electrospun 
nanofibers, their properties should be adjusted 
in the required ranges. Among these, nanofibers 
diameter plays a determinative role in nanofibers 
application. For example, the porosity and pore size 
of nanofibers can be modified by changing fibers 
diameter, while enhancing the overall porosity 
and pore size of nanofibers scaffolds can improve 
cell spreading, proliferation and infiltration [18]. 
Besides, human embryonic stem cells process is 
affected due to alteration in nanofibers diameter 
[19] and  the pattern of differentiation and 
infiltration of osteoblastic cells are different in 
various fibers diameter [20]. Hence, it is important 
to control the electrospun nanofibers diameter as 
scaffolds, to manage its interactions with cells.
Several parameters influence nanofibers diameter 
and morphology which can be categorized into 
two main groups: external and internal factors. 
The type of the applied polymer and solvent, 
polymer solution feeding rate, applied voltage, 
and the distance between the nozzle and the 
collector plate are the external factors whereas the 
nature of solvents, and surface tension, viscosity, 
conductivity and concentration of the solution 
are considered as the internal factors [36]. Each 
group of parameters includes many variables and 
the simultaneous evaluation of factors affecting 
nanofibers diameter becomes very complex in 
experimental works, whereas suitable theoretical 
methods can be used for simultaneous evaluation 
of the effective parameters on electrospinning.
One of the effective methods successfully used 
for modeling electrospinning process is artificial 
neural networks (ANNs) [21]. ANN is inspired by 
human brain, in which 3-4 billions of nerve cells, 
called neurons, are interconnected to form the 
biological neural network. The neuron constructed 
in a mathematical model by ANNs is called node 
or an artificial neuron. These artificial neurons 
contain a network with several layers [22]. As a 
computational method, the well- designed ANNs 
are trained by a series of input data that on the basis 
of the previous experience are able to produce an 
acceptable output for new inputs [23].
Artificial neural networks (ANNs) have been 

recently used to evaluate the interactions 
of applied electrospinning parameters with 
electrospun nanofibers diameter [24, 25]. Mirzaei 
et al. used ANNs and the correlation coefficient, 
R-squared (R2), between the predicted values of 
the nanofibers mean diameter and experimental 
amount for investigating the relationships between 
the electrospinning parameters with the diameter 
of polyethylene oxide (PEO) nanofibers. The 
influence of four parameters, including: PEO and 
acetic acid concentration, applied voltage, and 
temperature of the electrospinning media on the 
nanofibers mean diameter were evaluated. The 
results indicated the reliability of ANN model in 
identifying the relation between fibers diameter 
and aforementioned parameters [21]. The effect of 
concentration, conductivity, flow rate, and electric 
field strength on the electrospun polyethylene 
oxide (PEO) nanofibers diameter was also modeled 
by ANNs and k-fold cross-validation method 
by Sarkar et al [26]. The outcome of this study 
showed the viability of the neural network in fibers 
diameter prediction. Besides, Samadian et al. [27] 
applied ANN to optimize conductivity of carbon 
nanofibers (CNFs). In their study, simulated 
body fluid (SBF) concentration, immersion time 
and nanofibers diameter were exploited as input 
variables. They found out that diminishing CNFs' 
diameter, SBF concentration and immersion time 
could enhance conductivity in mineralized CNFs. 
The results of these studies demonstrated that 
the ANN models could be used to investigate the 
interactions and influences of different parameters 
on the nanofibers diameter. 
Kefiran is a microbial polysaccharide and a water-
soluble glucogalactan extracted from the flora of 
kefir grains and is widely used in food industry as 
texturing and gelling agent [28]. Several important 
advantages such as antibacterial, antifungal and 
antitumoural activities are suggested for it [29, 30]. 
Furthermore, kefiran can be easily isolated from 
the kefir grains in deproteinized whey powder with 
high yields [31] and could be a good candidate as a 
base material for food packaging [32-34]. 
There are few works to predict different polymer 
nanofibers diameter via neural networks. In our 
previous work, kefiran electrospun nanofibers were 
successfully fabricated and characterized [35]. In 
this paper, the prediction of kefiran nanofibers 
diameter using modeling ANN have been studied, 
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and various sets of electrospinning were used to 
prepare kefiran nanofibers. Moreover, the validity 
of ANN models in prediction of kefiran nanofibers 
diameter is evaluated.

MATERIALS AND METHODS
In this study, the following materials were used: 

Kefir grains, as the starter culture, were purchased 
from a household in Tehran and the electrospinning 
process performed using Electroris (FNM Ltd., 
Iran, www.fnm.ir).

Starter culture
Kefir grains, as the starter culture, were cultured 

in milk and maintained in a closed plastic container 
for 24 hours at room temperature. The medium 
(milk) was replaced each day with fresh milk. This 
process was repeated for seven subsequent days to 
activate the grains. 

Isolation and purification of kefiran
Kefiran in kefir grains was extracted through the 

defined method [31]. Briefly, a certain amount of 
kefir grains were poured in boiling distilled water 
(1/10 W/V) and stirred vigorously for 30 minutes. 
The mixture was centrifuged at 10,000 g for 20 min 
at 20 °C. The obtained supernatant was added to 
two volumes of cold ethanol (96% mark alcohol) 
to precipitate soluble kefiran and left at -20 °C 
overnight. The mixture was centrifuged at 10,000 
g for 20 min at 4 °C. The pellets were collected and 
dissolved in hot water. The precipitation procure 
was repeated two more times. The final precipitate 
was dissolved in hot distilled water and dehydrated 
at room temperature to form pure kefiran.

Preparation of the solution
Kefiran solutions were prepared by dissolving 

different amounts of purified kefiran in distilled water 
at 100˚C temperature until the polymer is completely 

dissolved to obtain homogenous solution. 

Fabrication of electrospun nanofibers 
The electrospinning process was conducted 

by Electroris (FNM, Tehran, Iran). A commercial 
plastic syringe, fitted with an 18-gauge (1.41 mm 
inner diameter), was used as polymer solution 
reservoir and equipped with a stainless steel 
blunted needle as a nozzle. The polymer solution 
was fed to the tip of the nozzle by the use of a 
syringe pump. A high voltage power, connected to 
the nozzle, electrified the polymer and a charged 
jet was ejected from the tip. Toward the collector, 
the solvent was evaporated, and kefiran nanofiber 
was deposited on the collector (rotating cylinder 
wrapped with foil). Electrospinning process was 
conducted based on the changing four independent 
variables including kefiran solution concentration, 
applied voltage, tip to collector distance and feeding 
rate, listed in Table 1. 
The conductive collector (drum) was fixed at 200 
rpm for all samples.

Nanofiber characterization
 A piece of every electrospun nanofiber sample 

was coated with gold by sputtering (Bal-Tec, SCD 
005, USA) and scanning electron microscope 
(SEM) (XL 30, Philips, USA) images were taken at 
an accelerating voltage of 25 kV. For each sample, 
the average fiber diameter was estimated from 50 
nanofiber diameters, selected randomly via image 
analysis (Fig. 1).

Network models designing 
The ANNs were designed to predict nanofibers 

diameter, and the accuracy of the predictions was 
investigated by MATLAB software. Regarding to 

Table 1.  list of input variable for electrospinning

Fig. 1. A) SEM image of electrospun kefiran nanofibers of 
sample NO. 4 with an average diameter of 213nm.
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the previous studies, k fold cross-validation method 
was applied to obtain better results. 
Several various experiments were designed based 
on different amount of four effective variables 
including kefiran concentration (X1) (w/v), the 
applied voltage (X2) (kV), rate flow (X3) (ml/h), 
and distance (X4) (Table 1). 
The empirical data are divided into the two groups, 
namely training and testing categories. Training data 
adjusts the network weights and the efficiency of the 
trained network is assessed by testing data.
According to the literature, using simple dataset for 
prediction by ANN is not proper when the database 
volume is small [26]. Besides, a large amount of 
database may also decrease the reliability of the ANN 
models to estimate subsequent samples if a simple 
training-test dataset dividing procedure is used. In 
order to solve these problems, k-fold cross-validation 
could be used instead of the simple training–test 
dataset dividing process to reduce the bias [37].
In this method, database randomly partitioned 
into the k equal subsets (Table 2) including testing 
and training sets, and function of approximation 
repeated k times to fit a function using training 
dataset. At every step, k-1 subsets are collected as 
the training set and one remaining of the k subsets is 
considered as the test set. Finally, the mean squared 
error (MSE) across all k trials is estimated and 
referred to as a criterion for the network validity.

Network training using k fold cross-validation procedure
25 samples of nanofibers fabricated by 

electrospinning were applied as ANN models 
training-testing dataset. SEM images of the samples 
showed that all the generated nanofibers were 
smooth and without any defect (Table 3). Before 
using ANN networks, data normalization was 
performed, so that all data has a mean of zero and 
variance of one. 
The data normalization is assumed by:

ynorm=(ymax-ymin)(x-xmin)/(xmax-xmin)+ ymin        (1)

where, ymin and ymax are equal to -1 and 1 
respectively. The parameter of x is the data that 
should be normalized. xmax and xmin are the 
maximum and minimum values of x, respectively.

ANN network Training
In this work, five neural networks with various 

structures including four input units, one output 
unit and various hidden layers with different nodes 
were designed. Training dataset was used to train 
the network and the testing data was applied to test 
the network.

RESULTS AND DISCUSSION 
The mean square error and correlation 

coefficient (R) of the test dataset obtained from 
ANN models is seen in Table 4s. (Hidden layers = 
4) (Number of a nodes in hidden layers = 10, 15, 
10, 5, respectively). Mean square prediction error 
(MSPE) is given by equation (2):

(2)

Where dn and dpn are observed and predicted size 
of nanofibers in n network respectively. Variables 
of Nte are the numbers of samples used for network 

Table 2. Training-testing partition pairs using five 
folds cross-validation method

Fig. 2. A) Descriptive statistics f observed and predicted mean 
diameter B) Regression plot between observed diameters and 

predicted diameters.
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testing and σ2
dn is the variance of dn.

Spss 17 software was used to analysis the observed 
and predicted average fibers diameter and 
calculated the standard deviation (Fig 2A). A linear 
regression correlation between the observed and 
predicted diameter of the fibers was obtained and 
plotted in Fig 2B.
The Pearson correlation coefficient between 
the observed and predicted fibers diameter was 
achieved equal to 0.671 that is significant at the 
0.01% level. Considering the very high degrees of 
complexity in relations between the processing 
conditions and the diameter of the electrospun 
nanofibers, these values indicate a satisfactory 
trained model [38]. Similarly, the R-squared of 
0.950 for test validation obtained in ANN model 

designed for predicting PEO nanofibers diameter 
[21].
The Pearson correlation coefficients (r) between 
the observed (dn) and predicted (dpn) nanofibers 
diameter is given by equation (3):

  
(3)

In this equation, n is the number of data.

3D Plots of Kefiran nanofibers diameters predicted 
patterns

In order to understand the effects of various 
selected parameters (kefiran concentration, applied 
voltage, distance between nozzle and collector and 
flow rate) on kefiran nanofibers diameter (Figures 3 to 

Table 3. Training Data Set for ANNs Modeling
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8), 3D Plots are indicated at defined levels.
The results show that the minimum size of the fibers is 
about 235 nm in the level of low flow rate - low distance 
between the nozzles and collector (Low R- Low D 
level) (Figure 3). On the other hand, the maximum 
size of the fibers is approximately 294 nm within the 
medium flow rate – medium distance between nozzles 
and collector level (Medium R- D levels).
The results show that at the Low R- Low D range, 
the nanofibers diameter increased as the polymer 
concentration enhanced and the largest nanofiber 
diameter is obtained at the highest applied voltage 
and polymer concentration. These results indicated 

a direct relationship between these parameters 
and nanofibers size in this level. However, the 
maximum size of the nanofibers was reported at 
the lowest applied voltage and the highest polymer 
concentration, within Med R-Med D level. These 
results indicate the interaction between the flow 
rate, distance between the nozzle, and collector, 
and applied voltage with the fibers size.
The results show that in the Low V-Low D level, the 
minimum mean diameter of the nanofibers was about 
257nm. In contrast, the size of the nanofibers enhanced 
via increasing the voltage and distance between the 
nozzle and collector. In this situation, the average size 
of the nanofibers was about 301 nm (Figure 4). 
Also, 3D graphs show that in Low V-Low D level, 
the fibers diameter is increased by enhancing 
polymer concentration, whereas at the lower 
polymer concentration, increasing flow rate do 
not have considerable effect on the nanofibers 
diameter. The influence of the flow rate on the 
fibers size increased at higher concentration of the 
polymer. For instance, by enhancing the flow rate 
from 1.7ml/h to 2.3ml/h in 10% (w/w) polymer 
solution, fiber diameter increased from 260nm to 
350nm. 3D plots results within the range of High 

Fig. 3.  The data and 3 D plots of nanofibers diameter predicted by ANN fixed in mentioned levels (C-V diagrams)

Table 4. Results of MSE and linear regression 
in tests data
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V-High D and Medium V- Medium D showed that 
the flow rate is inversely related to the fibers size 
while it has a direct relationship with the fibers 
diameter in the Low V-Low D area. Therefore, to 
produce nanofibers with determined 
Based on the results of the graph, minimum fibers 
mean diameter in the range of the low voltage 
and flow rate was about 235nm (Figure 5). The 
maximum size of the fibers is seen in the Med V 
and Med R area (about 317nm). 
The plot shows that distance between the collector 
and nozzle has insignificant effects on the fibers 
diameter, solely. The direct relation between 
polymer concentration and the fibers diameter is 
demonstrated like in the other plots. Base on the 
plots data, in the High V-High R region, increasing 
the distance results in smaller fibers at a constant 
concentration which was not seen in other plots. 
This result can be due to the internal interaction 
between parameters which needs further more 
precise investigation.
The minimum mean diameter of Kefiran fibers 
(about 207 nm) was seen in the Low C-Low D area 
(Figure 6). In contrast, the maximum mean size of 
the nanofibers (about 358 nm) was reported in the 

High C-High D area. Ascending peak of the fibers 
diameter can be obtained with increasing flow rate 
in the Low C-Low D and High C-High D levels, 
unlike the Med C –Med D level that the descending 
peak was observed with increasing the flow rate of 
polymer solution.
The obtained results show that increase and decrease 
in applied voltage do not have considerable effects 
on the fibers size. Although, there is an exception 
in the High C-High D area, in which increasing 
applied voltage produced thicker nanofibers.
The results show that the minimum mean size of the 
fibers (about 227 nm) is obtained in the Low C-Low 
R area (Figure 7). The maximum mean diameter of 
the fibers was about 370 nm which is related to the 
High C-High R area. In the Low C-Low R area, the 
fibers diameter show non-significant alteration by 
changing the distance between 14 to 16 cm and 
the applied voltage from 10 to 14 kV. However, 
simultaneously increasing in the applied voltage 
and distance from 14 to 20 kV and 16 to 20 cm, 
respectively, result in proportional augmentation in 
the fibers sizes. Furthermore, in the High C-High 
R graphs, distance and applied voltage also show 
a direct relationship with fibers diameter, whereas 

Fig. 4. The data and 3 D plots of nanofibers diameter predicted by ANN fixed in mentioned levels (C-R diagrams)
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in the Medium C- Medium R area, results are 
different. In this area, the largest size of the fibers 
is observed at the medium voltage (16-18kV) and 
low distance (14-15 cm) level. Plots demonstrate 
the reciprocal effects of the polymer concentration 
and flow rate on the fibers diameter in the medium 
area. These interactions can be assessed in further 
complementary studies. 
The results of the table showed that the minimum 
mean size of the fibers (196.5 nm) is related to the 
Low C-Low V area (Figure 8s). The maximum 
mean size of the fibers (about 328 nm) obtained in 
the High C-High V stage. The results of the Low 
C-Low V and Medium C-Medium V plots almost 
followed the same trend, and the largest fibers are 
obtained at the lowest distance (14-15cm) and the 
highest flow rate (2ml/h) in these areas. The results 
of the plots also show that in these areas, the fiber 
diameter decreased as the distance increased. Based 
on these results, the amount of the flow rate has a 
direct relation to the fibers size. Besides, changing 
the distance at a constant flow rate does not have 
considerable effects on the fibers diameter.
In the High C-High V area, the maximum size of 
the fibers is seen at the high range of flow rate (2.3 
ml/h) and distance (17-18cm) that can be due to the 

interaction between the high concentration of the 
polymer, the applied voltage, the flow rate and the 
distance. These complex communications between 
the applied parameter and the nanofibers diameter 
could be evaluated in further studies. The results of 
the plots revealed that the nanofibers diameter has 
an indirect relationship with the distance between 
nozzle and collector.

CONCLUSIONS
In this paper, the validity of the artificial 

neural network (ANN) models was evaluated 
for prediction of electrospun kefiran nanofibers 
diameter. In this research, various experiments 
were designed via changing four main involved 
parameters in electrospinning process including: 
polymer concentration, applied voltage, flow rate 
and nozzle to collector distance. SEM images of 
all experiments showed that all of the produced 
nanofibers were fine and defect-free. The nanofibers 
diameter was predicted through the designed ANN 
models, and the best ANN with acceptable MSE 
and regression coefficient was selected. In the 
selected ANN, the correlation between observed 
and predicted fibers diameter was significant and 
confirmed that the ANN model was fitted with 

Fig. 5. The data and 3 D plots of nanofibers diameter predicted by ANN fixed in mentioned levels (C-D diagrams)
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experimental data. Also, our results indicated that 
the ANN is an appropriate method for prediction 
of kefiran electrospun nanofiber based on the four 
input variables. Besides, other sets of variables 
and polymers could be placed in ANN models to 
develop the insight into the nanofibers diameter 
prediction.

CONFLICTS OF INTEREST 
The authors declare that they have no conflict of 

interest.

REFERENCES
1.  Li D, Xia Y. Electrospinning of nanofibers: reinventing the 

wheel? Advanced Materials, 2004;16 (14):1151-1170.
2.  Ondarcuhu T, Joachim C. Drawing a single nanofibre over 

hundreds of microns. EPL (Europhysics Letters), 1998;42 
(2):215.

3. Wu C-G, Bein T. Conducting polyaniline filaments in a 
mesoporous channel host. Science, 1994:1757-1759.

4. Ramakrishna S. An introduction to electrospinning and 
nanofibers: World Scientific; 2005.

5.   Liu D, Zhang H, Grim P, De Feyter S, Wiesler U-M, Berresheim 
A, Müllen K, De Schryver F. Self-assembly of polyphenylene 
dendrimers into micrometer long nanofibers: An atomic 
force microscopy study. Langmuir, 2002;18 (6):2385-2391.

6.  Kuen Yong Lee LJ, Yun Ok Kang, Seung Jin Lee, Won Ho 
Park. Electrospinning of polysaccharides for regenerative 
medicine. Advanced Drug Delivery Reviews, 2009;61:1020–
1032.

7.  Theron S, Zussman E, Yarin A. Experimental investigation of 
the governing parameters in the electrospinning of polymer 
solutions. Polymer, 2004;45 (6):2017-2030.

8.   Venugopal J, Low S, Choon AT, Ramakrishna S. Interaction of 
cells and nanofiber scaffolds in tissue engineering. Journal of 
Biomedical Materials Research Part B: Applied Biomaterials, 
2008;84 (1):34-48.

9. Ramakrishna S, Fujihara K, Teo W-E, Yong T, Ma Z, 
Ramaseshan R. Electrospun nanofibers: solving global 
issues. Materials Today, 2006;9 (3):40-50.

10.Xinying Geng O-HK, Jinho Jang. Electrospinning of chitosan 
dissolved in concentrated acetic acid solution. Biomaterials, 
2005;26:5427–5432.

11.Bhardwaj N, Kundu SC. Electrospinning: a fascinating fiber 
fabrication technique. Biotechnology Advances, 2010;28 
(3):325-347.

12.Li WJ, Laurencin CT, Caterson EJ, Tuan RS, Ko FK. 
Electrospun nanofibrous structure: a novel scaffold for tissue 
engineering. Journal of Biomedical Materials Research Part 
B, 2002;60 (4):613-621.

13.Khil MS, Cha DI, Kim HY, Kim IS, Bhattarai N. Electrospun 
nanofibrous polyurethane membrane as wound dressing. 

Fig. 6. The data and 3 D plots of nanofibers diameter predicted by ANN fixed in mentioned levels (V-R Diagrams)



248

Seyedeh Sara Esnaashari et al. / Optimization of kefira electrospun nanofibers via artificial neural networks

Nanomed Res J 2(4): 239-249, Autumn 2017

Journal of Biomedical Materials Research Part B, 2003;67 
(2):675-679.

14.Sill TJ, von Recum HA. Electrospinning: applications in 
drug delivery and tissue engineering. Biomaterials, 2008;29 
(13):1989-2006.

15.Hosseinzadeh S, Esnaashari S, Sadeghpour O, Hamedi 
S. Predictive modeling of phenolic compound release 
from nanofibers of electrospun networks for application 
in periodontal disease. Journal of Polymer Engineering, 
2016;36 (5):457-464.

16.Gopal R, Kaur S, Ma Z, Chan C, Ramakrishna S, Matsuura 
T. Electrospun nanofibrous filtration membrane. Journal of 
Membrane Science, 2006;281 (1):581-586.

17.Choi SW, Jo SM, Lee WS, Kim YR. An electrospun poly 
(vinylidene fluoride) nanofibrous membrane and its battery 
applications. Advanced Materials, 2003;15 (23):2027-2032.

18.Soliman S, Sant S, Nichol JW, Khabiry M, Traversa E, 
Khademhosseini A. Controlling the porosity of fibrous 
scaffolds by modulating the fiber diameter and packing 
density. Journal of Biomedical Materials Research Part A, 
2011;96 (3):566-574.

19.Wang J, Ye R, Wei Y, Wang H, Xu X, Zhang F, Qu J, Zuo B, 
Zhang H. The effects of electrospun TSF nanofiber diameter 
and alignment on neuronal differentiation of human 
embryonic stem cells. Journal of Biomedical Materials 
Research Part A, 2012;100 (3):632-645.

20.Sisson K, Zhang C, Farach-Carson MC, Chase DB, Rabolt 
JF. Fiber diameters control osteoblastic cell migration and 
differentiation in electrospun gelatin. Journal of Biomedical 
Materials Research Part A, 2010;94 (4):1312-1320.

21.Fong H, Chun I, Reneker D. Beaded nanofibers formed 
during electrospinning. Polymer, 1999;40 (16):4585-4592.

22.Mirzaei E, Amani A, Sarkar S, Saber R, Mohammadyani 
D, Faridi-Majidi R. Artificial neural networks modeling 
of electrospinning of polyethylene oxide from aqueous 
acid acetic solution. Journal of Applied Polymer Science, 
2012;125 (3):1910-1921.

23.Rabbi A, Nasouri K, Bahrambeygi H, Shoushtari AM, Babaei 
MR. RSM and ANN approaches for modeling and optimizing 
of electrospun polyurethane nanofibers morphology. Fibers 
and Polymers, 2012;13 (8):1007-1014.

24.Itchhaporia D, Snow PB, Almassy RJ, Oetgen WJ. Artificial 
neural networks: current status in cardiovascular medicine. 
Journal of the American College of Cardiology, 1996;28 
(2):515-521.

25.Samadian H, Mobasheri H, Hasanpour S, Majid RF. 
Needleless Electrospinning System, an Efficient Platform to 
Fabricate Carbon Nanofibers. Journal of Nano Research. Vol 
50: Trans Tech Publ; 2017:78-89.

26.Samadian H, Mobasheri H, Hasanpour S, Faridi Majidi 
R. Electrospinning of polyacrylonitrile nanofibers and 
simulation of electric field via finite element method. 

Fig. 7. The data and 3 D plots of nanofibers diameter predicted by ANN fixed in mentioned levels (V-D Diagrams)



249Nanomed Res J 2(4): 239-249, Autumn 2017

Seyedeh Sara Esnaashari et al. / Optimization of kefira electrospun nanofibers via artificial neural networks

Nanomedicine Research Journal, 2017;2 (2):87-92.
27.Sarkar K, Ghalia MB, Wu Z, Bose SC. A neural network 

model for the numerical prediction of the diameter of 
electro-spun polyethylene oxide nanofibers. Journal of 
Materials Processing Technology, 2009;209 (7):3156-3165.

28.Samadian H, Zakariaee SS, Adabi M, Mobasheri H, Azami 
M, Faridi-Majidi R. Effective parameters on conductivity 
of mineralized carbon nanofibers: an investigation 
using artificial neural networks. RSC Advances, 2016;6 
(113):111908-111918.

29.Ghasemlou M, Khodaiyan F, Jahanbin K, Gharibzahedi 
SMT, Taheri S. Structural investigation and response surface 
optimisation for improvement of kefiran production yield 
from a low-cost culture medium. Food Chemistry, 2012;133 
(2):383-389.

30.La Rivière J, Kooiman P, Schmidt K. Kefiran, a novel 
polysaccharide produced in the kefir grain by Lactobacillus 
brevis. Archiv für Mikrobiologie, 1967;59 (1-3):269-278.

31.Rodrigues KL, Caputo LRG, Carvalho JCT, Evangelista J, 
Schneedorf JM. Antimicrobial and healing activity of kefir 
and kefiran extract. International Journal of Antimicrobial 
Agents, 2005;25 (5):404-408.

32.Rimada PS, Abraham AG. Polysaccharide production by 
kefir grains during whey fermentation. Journal of Dairy 
Research, 2001;68 (04):653-661.

33.Ghasemlou M, Khodaiyan F, Oromiehie A. Physical, 
mechanical, barrier, and thermal properties of polyol-
plasticized biodegradable edible film made from kefiran. 
Carbohydrate Polymers, 2011;84 (1):477-483.

34.Ghasemlou M, Khodaiyan F, Oromiehie A, Yarmand MS. 
Characterization of edible emulsified films with low affinity 
to water based on kefiran and oleic acid. International 
journal of biological macromolecules, 2011;49 (3):378-384.

35.Piermaria  J, Bosch  A, Pinotti  A, Yantorno  O, Garcia  MA, 
Abrahama AG, Laws A, Gu Y, Marshall V. Kefiran films 
plasticized with sugars and polyols: water vapor barrier and 
mechanical properties in relation to their microstructure 
analyzed by ATR/FT-IR spectroscopy. Food Hydrocolloids, 
2011;25:1261-1269.

36.Esnaashari SS, Rezaei S, Mirzaei E, Afshari H, Rezayat SM, 
Faridi-Majidi R. Preparation and characterization of kefiran 
electrospun nanofibers. International journal of biological 
macromolecules, 2014;70:50-56.

37.Kohavi R. A study of cross-validation and bootstrap for 
accuracy estimation and model selection. IJCAI. Vol 14; 
1995:1137-1145.

38.He J-H, Wan Y-Q, Xu L. Nano-effects, quantum-like 
properties in electrospun nanofibers. Chaos, Solitons & 
Fractals, 2007;33 (1):26-37.


	INTRODUCTION 
	MATERIALS AND METHODS 
	Starter culture 
	Isolation and purification of kefiran 
	Preparation of the solution 
	Fabrication of electrospun nanofibers  
	Nanofiber characterization 
	Network models designing  
	Network training using k fold cross-validation procedure 
	ANN network Training 

	RESULTS AND DISCUSSION  
	3D Plots of Kefiran nanofibers diameters predicted patterns

	CONCLUSIONS
	CONFLICTS OF INTEREST  
	REFERENCES 

